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How AI Is Used in Financial Services 
Artificial Intelligence (AI) is an evolving family of technologies that 
are helping the financial industry to streamline and optimise 
processes, ranging from credit decisions to quantitative trading and 
financial risk management. AI-based systems and solutions are 
helping banks and credit lenders make faster and more efficient 
underwriting decisions. 

Machine learning (ML) helps financial institutions and businesses 
quickly build accurate predictive models that enhance decision-
making around such issues as fraudulent credit transactions, anti-
money laundering (AML), digital wealth management and direct 
marketing, risk management. Financial markets are increasingly 
turning to ML to create more robust predictive models. These help 
financial practitioners pinpoint trends and identify risks, while 
conserving manpower and ensuring better information for 
planning.  

Downsides to Using AI 
However, alongside these benefits, AI poses challenges for 
companies, economies and, more broadly, society. AI/ML systems 
can be complex and opaque to end users, making it difficult for them 
to review and understand the outcomes. This can effectively turn 
the system into a ‘black box’ that may negatively influence credit 
decisions. There is a need to build trust through the use of 
transparent and comprehensible algorithms. Governance 
arrangements, including regulation, are critical to manage ethical AI 
issues, including the embedding of potential bias, and data privacy 
and security issues. 

In this report, Fitch Ratings shows how financial organisations keep 
pace of technology adoption with investments in intelligent 
automation by analysing potential disadvantages due to lack of 
transparency, model biases, ethical problems and social issues in 
light of the most recent regulatory developments. 

What Do We Mean by ‘AI’? 

What Are the Key Use Cases for AI in Finance? 

What Are the Main Drivers and Barriers to Using AI? 

How Can AI and ML Change the Lending Landscape? 

Which Lenders Can Access ML-Powered Lending Systems? 

What Risks Need to Be Managed from AI? 

Case Studies: ESG Implications from AI 

Appendix: Main Regulation Frameworks 
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• AI techniques are increasingly deployed in finance, 
enabled by increased data availability, affordable 
computing capacity, and a desire to cut costs and 
improve operating efficiency.  

• However, its use, if not subject to sufficient internal 
governance and proper regulation, might create or 
intensify financial and non-financial risks. 

• AI-related risks and opportunities have to be properly 
identified and mitigated to support and promote a 
responsible use of AI solutions. 

Exclusively for the use of Louisa Williams at Fitch Group, Inc.. Downloaded: 08-Feb-2022

https://app.fitchconnect.com/search/research/article/FR_PR_10146505?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
https://app.fitchconnect.com/search/research/article/FR_PR_10146505?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
https://app.fitchconnect.com/search/research/article/RPT_10128548?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
https://app.fitchconnect.com/search/research/article/RPT_10128548?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
https://app.fitchconnect.com/search/research/article/PR_10188922?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
https://app.fitchconnect.com/search/research/article/PR_10188922?jwt=eyJhbGciOiJIUzUxMiJ9..BP0F-APTXzSckt6_j7vdgIkfQ91DKhHrU3kRyVA9yKXmQN7e4Htq2StwV93UKsh4MOOvPigRQZGwkg5_0sK-_Q
mailto:daniela.difilippo@fitchratings.com
mailto:monsur.hussain@fitchratings.com
mailto:nneka.chike-obi@sustainablefitch.com
mailto:juraj.lord@fitchratings.com


 

What Investors Want to Know: Artificial Intelligence – A Financing Perspective  │  7 February 2022 fitchratings.com 2 

 

  

 
Cross-Sector 

Artificial Intelligence 
Global 

What Do We Mean by ‘AI’? 

Computers that Mimic Human Intelligence 

The term AI was coined by scientist John McCarthy in 1956 to 
describe “the science and engineering of making intelligent 
machines”. In 2017, the Financial Stability Board updated the 
definition to “the application of computational tools to address 
tasks traditionally requiring human sophistication is broadly 
termed ‘artificial intelligence’”.  

Fitch regards AI as an umbrella term encompassing rules, processes 
and technology that enable computers to mimic human intelligence 
to automate tasks and gain analytic insights.  

Machine Learning Is the Most Active AI Subfield in Finance  

ML is one of the most active areas of AI due to the explosion of big 
data and developments of sophisticated algorithms. ML systems are 
commonly used when large volumes of relevant data records are 
available for making more accurate predictions. For this reason, ML 
systems are best suited to data-rich and rapidly changing 
environments, such as e-commerce linked platforms, algorithmic 
trading and client forecasting. ML is a set of techniques that allow 
machines to learn in an automated manner through patterns and 
inferences from data rather than through explicit instructions by 
humans.  

‘Self-learning’ is the main characteristic distinguishing ML from 
commonly used statistical models (rule-based approaches): ML 
‘learns’ from data and empirical information via ‘experience’ 
achieved via a trial-and-error process to improve the outputs.  

However, ML is not fully independent. A human programmer must 
select the appropriate data for the self-learning process and adjust 
the parameters (sensitivity) of the statistical model. Biased data or 
inappropriate programming may then alter the algorithm’s end 
product/results.  

What Are the Key Use Cases for AI in Finance? 
Deployment of AI mostly clusters around customer-facing activities 
or within back-office operations. Personalised wealth management 
services, and reading and confirming customer and identify 
information to accelerate and enhance remote customer 
onboarding are ways in which AI can be used. 

AI is used for automation and quality control within document 
processing, for example, when using optical character recognition. 
Natural language processing (NLP) allows computers to understand 
natural human grammar. NLP can be used for speech-to-text, real-
time translation, document reviews, chatbots, customer call 
recordkeeping and further analysis.  

Within risk management, AI can help financial Institutions assess 
risk and detect fraud, and can outperform experienced humans. For 
instance, AI can detect loan or credit card fraud, track suspicious 
transactions for AML compliance, and monitoring the bank’s IT 
infrastructure detecting or preventing cyberattacks.  

ML systems can be the basis for powerful risk mitigation tools, such 
as credit scoring systems for underwriting new assets or monitoring 
existing assets. AI technology can bring many advantages to credit 
scoring in terms of accuracy and speed.  

However, an AI-powered solution also needs to be transparent and 
explainable to comply with regulations. As a result, software 
developers need to pay close attention to the quality of the data 
they use to train the models so they do not deliver unexpected 
results, which may have reputational and financial repercussions.  
 

 

From a lending and investment standpoint, combining AI with 
alternative data – including unstructured data from e-commerce 
platforms – can be used to assess credit risk for SMEs without the 
need for traditional credit data, for instance, by Mercado Libre in 
Latin America and Ant Group in China.  

What Are the Main Drivers and Barriers to 

Using AI? 
The main drivers to using AI include the need to improve user 
experience and customer satisfaction, to reduce costs and optimise 
processes, to manage risk by credit-scoring clients and to prevent 
fraud. 

Barriers include making AI understandable, using resources to 
implement solutions including the data and computing architecture, 
dealing with evolving regulations, including governance, ethics, and 
data privacy and security. 

How Can AI and ML Change the Lending 

Landscape?  
AI and ML can help the loan origination process by using an 
applicant’s digital footprint, and social media histories to ascertain 
creditworthiness and by streamlining the process to provide faster 
loan decisions. In the context of credit risk management, ML models 
are increasingly being used to improve the predictive power of 
regulatory capital models. 

Potential Advantages and Disadvantages of Using AI in Credit-
Scoring Models:  

Advantages:  

• AI allows large quantities of data to be analysed very 
quickly and increases the number of individuals with 
measurable creditworthiness; 

• Potential cost- and time reduction of assessing credit 
risks; and 

• Increases credit inclusion, supporting credit originations 
not relying on traditional metrics. 

Disadvantages:  

• Lack of regulation, compliance, transparency;  

• Difficult to understand the underlying factors of 
algorithmic decisions; 

• Biased credit decisions based on poor data, in absence of 
ad-hoc model validation; 

• Gender or racial discrimination may be incorporated 
into the data used to train algorithms; and 

• Lack of availability or unreliability of third-party data. 
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AI and Loan Origination Processes 

We are seeing more lenders using AI/ML to automate the 
operational processes such as capturing/validating documents. 
Larger lenders, especially systemically important banks, have 
invested the most resources in this area, benefiting from real-time 
data on customer transactions and long histories of customer 
behaviour. However, smaller lenders, including fintech companies 
and NBFIs, benefit from updated technology stacks and are making 
use of AI/ML to compete with their larger peers.  

Structured finance transactions using AI/ML to make credit 
decisions tend to be clustered among smaller lenders. This may be 
because they do not have legacy systems, but the desire to gain an 
advantage over larger institutions is also likely to be a factor. 

By using AI, the loan origination, review and sanction processes 
have evolved from being manual to digital. The greater dependence 
on technology, in particular automation, has improved the speed of 
the review and underwriting processes, and reduced human bias, 
especially with application rejections or by varying applied interest 
rates. 

ML can lessen human bias in the loan decision by reviewing credit 
application data through algorithms to search for patterns and 
deliver decision-making insights. This helps lenders reduce error 
rates and originate more-profitable loans.  

As far as structured finance transactions and the analysis of the 
origination and underwriting processes, we remain largely agnostic 
on the underwriting model (AI versus traditional) as long as 
historical performance or adequate proxy data are available. 

AI models can make underwriting criteria opaque, which makes it 
difficult to understand which factors are driving the decision-
making process and whether there are any hidden biases. This also 
makes the use of proxy data in our analysis more difficult. 

AI in Credit Risk Modelling and Risk Management 

The use of ML techniques can improve model accuracy, overcome 
data deficiencies and inconsistencies, and lead to the discovery of 
new risk segments or patterns particularly by filtering through 
variables for significant predictors. 

Although ML can be used for capital management, stress testing, 
and provisioning, regulatory requirements that specify models 
should be transparent and easily understood also mean that ML 
models are not used as often as for credit scoring and decision-
making. Accordingly, there has been a focus on other risk-
management areas, such as credit collections and recovery. 

Which Lenders Can Access ML-Powered 

Lending Systems? 
While larger institutions may have proprietary AI systems, digital 
and smaller lenders, including P2P lenders, can now integrate the 
power of AI and ML into their lending processes by using cloud-
based software. 

Cloud-based lending management systems let lenders buy licences 
or use the ML-powered lending software for a monthly fee on a 
subscription model. They do not need to invest in tools, hardware, 
and data scientists to receive similar results and efficiencies to 

larger banks. Cloud-based system providers have made it simpler 
for lenders of all sizes, even if there is still a certain degree of opacity 
on the factors driving the credit decision. However, cloud-based 
systems can lead to herd-like behaviour risks. These may arise from 
the widespread use of the same ML software from a single vendor 
or other strategies for lending or trading that, if proved to be 
deficient, may exacerbate poor lending decisions, leading to credit 
risk, and create bias in algorithms, leading to legal risks. 

What Risks Need to Be Managed from AI? 

AI Needs to Be Reliable, Accountable, Transparent, Fair, 
and Ethical 

At a global level, the Organisation for Economic Co-operation and 
Development’s (OECD) AI Principles (2019) identifies values-based 
principles, intended to apply across various industries, which have 
been adopted by the G20. Although there are no international 
regulatory standards or guidance specifically covering the use of AI 
in the financial sector, the OECD’s principles have informed 
guidelines issued by jurisdictions across western Europe, North 
America, and Asia-Pacific. These tend to focus on five common 
principles – reliability and soundness; accountability; transparency; 
fairness; and ethics. 

Reforms to financial services regulations are being pursued by 
global authorities to account for the increasing adoption of AI and 
ML (see Annex). In April 2021, the EU was the first governmental 
body to issue comprehensive regulation on the development and 
use of AI in respect of risks to the public. EU AI regulation would 
apply to any AI system used or providing outputs within the EU, 
meaning that it would have extraterritorial reach.   

Under the EU’s AI regulation, certain types of ‘unacceptable risk’ AI 
systems, for example, all forms of social scoring that evaluate an 
individual’s trustworthiness based on social behaviour and those 
using subliminal or manipulative systems that cause harm, cannot 
be used within the EU. ‘High-risk’ systems, such as those that 
evaluate consumers’ credit worthiness, would be subject to the 
largest set of requirements, including those on human oversight, 
transparency, cybersecurity, risk management, data quality, 
monitoring and reporting. Enforcement could include fines of up to 
EUR30 million or 6% of global revenue, which makes the regime 
harsher than the EU’s General Data Protection Regulation (GDPR). 

AI Helps Reduce Bias, but Can Also Bake In and Scale Bias 

AI/ML systems may produce unfairly biased results connected to 
both interpretability and transparency. This could be due to biased 
data being used or the programming of the system reflecting the 
assumptions of its creator.  

Data are vital to the AI and ML learning process, with the quality 
and volume of training data directly affecting the predictive 
accuracy of most AI models. To find data patterns or relationships 
and make accurate predictions, ML needs to process tremendous 
volumes of data, which must be appropriately profiled, cleansed, 
transformed and labelled to be used by algorithms.  

Raw training data come in various forms – structured data (e.g. 
transaction records in a database or market trading data), semi-
structured data (e.g. social media feeds) and unstructured data (e.g. 
audio, video clips and still images).  
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A human review of the results and algorithm calibration can help 
reduce these risks, including potential gender or social 
discrimination, or the unreliability of third-party data.  

AI’s Security Vulnerability 

As noted by the Bank of International Settlements, the financial 
sector was targeted by hackers more often than other sectors 
during the Covid-19 pandemic. While this has not yet led to 
significant disruptions or a systemic impact, the growing risks have 
prompted extra investment and effort from financial authorities. 
The consequences of cyber incidents can be monetary or 
reputational. They can involve a loss of the confidentiality, integrity 
or availability of assets and services. Business disruptions and IT 
system failures can damage integrity and availability. Data breaches 
compromise confidentiality, with financial and reputational losses. 
Fraud and theft include the loss of funds or any information (e.g. 
intellectual property) that may be personally identifiable. 

Information technology is indispensable for finance and, as 
organisations become ever more reliant on AI/ML systems, they are 
increasingly exposed to cyber risks – the risk of financial loss, 
disruption or reputational damage to an organisation resulting from 
the failure of its IT systems.  

Criminals can attack AI in various ways. They may attempt to 
reverse-engineer or hijack AI models if ransoms are not paid (as 
noted by the National Technology Laboratory); introduce bad data 
samples to alter model classification (as shown by Carnegie Mellon 
University researchers), or taint or manipulate data used to train 
the model; or steal algorithms or data used in the AI/ML system. 
Cyber criminals may also use AI themselves to attack IT systems. 

Whether AI may increase or reduce originators’ and servicers’ 
vulnerability to cyber-attacks depends on multiple factors, such as 
quality of the systems or agile risk management. This includes 
working with third-party providers, such as cloud system providers, 
to assess the security of critical ML and AI systems.  

Prioritising operational resilience to prevent cyber-attacks remains 
critical. An active relationship and dialogue between policymakers 
and businesses will mitigate cyber risks and their systemic 
implications.  

Case Studies: ESG Implications from AI 
Fitch uses the ESG Relevance Score framework to identify where 
environmental, social, and governance risks have contributed to a 
change in a credit rating or outlook. Scores range from one to five, 
with ‘1’ indicating no impact and ‘5’ indicating a high impact on a key 
rating driver.  

                                                                                       
111 “Consumer-Lending Discrimination in the FinTech Era,” R. Bartlett, A. 
Morse, R. Stanton, N. Wallace, National Bureau of Economic Research, 
November 2019.  

For structured finance transactions and financial institutions 
issuers, the applicable social issues for AI lending are Human Rights, 
Community Relations, Access & Affordability, Customer Welfare, 
Fair Messaging, Privacy & Data Security and Exposure to Social 
Impacts.  

The main risks associated with these issues for AI-based financial 
services activity are regulatory responses, including fines and civil 
or criminal penalties. Increased scrutiny of human rights and 
diversity-related issues by banks and institutional investors could 
lead to reputational risk and a deterioration in access to capital for 
entities involved in high-profile controversial events. In 2021 Fitch 
commented on the increased focus of Chinese regulators on online 
microlending, which led to the restructuring of Ant Group, China’s 
largest fintech company. Although the credit impact to parent 
Alibaba Group Holding has been limited due to microlending’s small 
share of its overall business, Fitch believes  that regulatory risk will 
act as a headwind in this sector.  

Human Rights, Community Relations, Access & 
Affordability 

Access and affordability as a social risk is potentially relevant to 
lenders in consumer-originated ABS where the underlying loans or 
liabilities involve an AI-assisted process to determine borrower 
quality. A 2019 University of California, Berkeley study reviewed 
US-based traditional and algorithmic mortgage lenders to assess 
discriminatory effects. Interest rates offered to applicants were 
compared with similar financial profiles that differed only on race or 
ethnicity. Researchers found that algorithms reduced 
discrimination for African-American and Latino borrowers by 40%.1 
While this is an improvement, it challenges any idea that 
technology-oriented processes are bias-free. Several non-academic 
investigations by media and NGOs have also reported much higher 
rates of discrimination by algorithmic lenders.  

The New York State Department of Financial Services (DFS) 
investigated Apple Card, a credit card offered by Apple Inc. and 
underwritten by Goldman Sachs Bank USA, following allegations of 
discrimination against female applicants. The DFS concluded that 
the algorithm used did not breach fair lending laws but noted that 
data used for credit decisions “may reflect historical bias or ‘legacy 
bias.’ […] Thus, the data used by creditors in developing and testing 
a model can perpetuate unintended biased outcomes.”2 

2 “Report on Apple Card Investigation,” New York State Department of 
Financial Services, March 2021 
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There is precedent for civil action based on discrimination related 
to ABS. In 2012, the American Civil Liberties Union (ACLU) sued 
Morgan Stanley (A/Positive) on behalf of African-American 
residents in Michigan, who claimed harm related to predatory 
lending practices. The ACLU alleged that Morgan Stanley 
benefitted from this behaviour and bundling risky mortgages from 
a subprime lender into mortgage-backed securities.  

Article 22 of the EU GDPR gives consumers the right to request 
human intervention instead of having an application decided solely 
by algorithmic processing, but provides an exception if the decision 
“is necessary for entering into, or performance of, a contract 

                                                                                       
3 “Reshaping Banking with Artificial Intelligence,” Hong Kong Monetary 
Authority and PwC, 2019.  

between the data subject and data controller”. Loan applications fall 
under this exception, which means that most areas of consumer 
finance are allowed to rely on full automation. However, an 
individual can contest the decision and ask for additional details on 
how it was made. There have not been any enforcement actions 
under Article 22 related to financial services. 

Customer Welfare: Fair Messaging, Privacy & Data Security 

There are data privacy risks associated with the increased use of 
alternative credit data for consumers and SMEs. These are data 
derived from a wider range of sources than traditional data used for 
determining a credit score or borrowers’ suitability. These include 
history with specialty lenders (e.g. payday lenders), utilities and 
rental payment history, peer-to-peer lending history, social media, 
customer reviews, and mobile app usage. The use of alternative data 
has risen as ML technology has enabled its collection and analysis. 
It can also make credit available to applicants who may not qualify 
based on traditional data alone. While some customers may be 
willing to hand over additional information to improve their access 
to credit, there is a lack of transparency and regulation on 
alternative data service providers.  

Of particular concern is that these data can be more easily used to 
identify the individual, creating a heightened risk of identity theft or 
fraud should an unauthorised party gain access. This risk increases 
with the amount of data that are collected; more data points make 
it easier to identify the person. In a survey of 168 Hong Kong-
registered banks, the main barrier to AI adoption cited was 
“customers are concerned about the data privacy or other security 
issues.”3  

Alternative data sourced from consumer financial transactions are 
in wide use in the investment industry for market intelligence. In 
September 2021, the SEC made its first enforcement action against 
an alternative data provider, App Annie Inc, which collects data on 
consumer mobile activity for use by trading firms. The SEC fined the 
company USD10 million and its chief executive USD300,000 for 
failing to aggregate and anonymise data, and for sharing data with 
third parties without consent. The judgement does not address the 
potential harms to consumers associated with the dissemination of 
their personal information to alternative data providers and their 
end users.  

Under the GDPR, a “legitimate interest” must precede personal 
data collection and sharing of data to a third party. Under this 
definition, most information related to determining a borrower’s 
suitability for a financial product would qualify. The regulation does 
allow for the withdrawal of consent, which provides some 
protection to the individual after the fact. It also limits the transfer 
of personal data across borders with restrictions on countries that 
lack an adequate data protection framework. 

ESG Relevance Scores – Social Issues 

Related to AI in Lending 

General  
issue 

Structured  
finance 

Financial 
institutions 

Human Rights, 
Community 
Relations, Access 
& Affordability 

Consumer – Unsecured 
Credit Card 
Future Flow Receivables 
Timeshare Loans 
UK, US Student Loan 
CMBS 
RMBS 
CRE Covered Bond 
RESI Covered Bond 
MICH Covered Bond 

Banks 

Customer 
Welfare: Fair 
Messaging, 
Privacy & Data 
Security 

Auto 
Consumer – Secured 
Consumer – Unsecured 
Credit Card 
Equipment 
Future Flow Receivables 
SME 
SME CDO 
Timeshare Loans 
UK, US Student Loan 
Utility Tariff Bonds 
RMBS 
CRE Covered Bond 
RESI Covered Bond 
MICH Covered Bond 

Banks 
Life Insurance 
Non-Life 
Insurance 
Non-Bank 
Financial 
Institution 

Exposure to Social 
Impacts 

Auto 
Consumer – Secured 
Consumer – Unsecured 
Credit Card 
Future Flow Receivables 
SME 
SME CDO 
Timeshare Loans 
UK, US Student Loan 
RMBS 
CRE Covered Bond 
RESI Covered Bond 
MICH Covered Bond 

Banks 
Life Insurance 
Non-Life 
Insurance 
Non-Bank 
Financial 
Institution 

Source: Fitch Ratings 
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Exposure to Social Impacts 

 

Public perception of AI can affect demand for services that rely on 
the technology. Attitudes towards its impact vary significantly by 
region; a survey of more than 150,000 individuals found wide 
variance in views on the potential benefits or harms of AI. While 
nearly half of respondents in the Americas view it at mostly harmful, 
well over half in east Asia consider to be mostly helpful. This may 
explain why China’s top digital lenders, such as WeBank Co. Ltd and 
CITIC aiBank Corporation Limited, promote the centrality of AI 
technology in their platform, while this is much less common among 
consumer-facing fintech companies in North America and Europe.  

These views can shape not only consumer behaviour but also public 
policy as a reflection of citizens’ opinions. Several members of US 
Congress approached the Consumer Financial Protection Bureau in 
2021 asking for new regulation to protect consumers’ privacy in 
relation to credit applications, citing complaints from constituents. 
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Appendix: Main Regulation Frameworks 

North America 
 
In 2020, the National Association of Insurance Commissioners (NAIC) 
founded its governing principles on the use of AI in the insurance sector. 
These included being fair and ethical to avoid discrimination through the use 
of AI in the underwriting process, transparency, so AI systems are disclosed 
to the relevant stakeholders and safety, and robustness, so that AI systems 
can operate and comply with appropriate laws and regulations. 
 
More specifically to the financial services sector, in March 2021 the 
following agencies submitted a Request For Information (RFI) and Comment 
regarding financial institutions use of AI/ML – the Board of Governors of the 
Federal Reserve System, Bureau of Consumer Financial Protection, Federal 
Deposit Insurance Corporation, National Credit Union Administration, and 
Office of the Comptroller of the Currency (agencies).  
 
This RFI included 17 questions proposed by the agencies and the purpose of 
this was to understand respondents’ views on the use of AI by financial 
institutions in the US, and how it could affect varying aspects of financial 
institutions including clients, operations and risk management. Additionally, 
the appendix to the RFI listed laws and regulations in place that the agencies 
believed may be relevant to AI. These included the Equal Credit Opportunity 
Act and Fair Housing Act.  
 
What notably came from this RFI is that, when using AI, interpretability 
needs to be possible throughout the AI system’s lifecycle and that regulators 
in the US will need to provide clarity on what fairness within the field of AI 
really means, other than just the case of creditworthiness which is often 
used.  

Europe 
 
In April 2021, the EU published the AI Act. While the act is not specific 
regulation for the financial services sector within the EU, it is clear that it will 
have a profound impact on the sector. Many of the AI systems used by 
financial companies within the EU would be deemed ‘high risk’, meaning 
they would be subject to strict rules and checks. For example, AI systems 
that measure a person’s creditworthiness are likely to come under great 
scrutiny when the act comes into place, expected in 2023-2024. 
 
The European Insurance and Occupations Authority also released 
governing principles for the use of AI within the insurance sector in 2021. 
These principles consisted of:  
 
Making sure the use of AI is fair and non-discriminatory; and 
Having adequate levels of human oversight throughout an AI systems 
lifecycle. 

Asia-Pacific 
 
In September 2021, China’s internet watchdog, the Cyberspace 
Administration of China, issued a draft proposal of regulations to manage 
how technology companies use algorithms when providing services to 
consumers. The proposed law mandates that companies must use 
algorithms to “actively spread positive energy”. Under the proposal, 
companies would have to submit their algorithms to the government for 
approval or risk being fined and having their service terminated. 
 
The Principles to Promote Fairness, Ethics, Accountability and 
Transparency in the Use of Artificial Intelligence and Data Analytics in 
Singapore’s financial sector has come up with a list of principles to which 
companies operating in the financial services sector should adhere. Most 
notably, the use of AI should be fair so certain individuals are not 
disadvantaged and there should be transparency so that information is 
freely disseminated to the public. 
 
In 2019, the Hong Kong Monetary Authority released a list of high-level 
principles for the financial services sector, while being mindful that too 
stringent regulations may stifle growth. These included senior management 
being held accountable for the outcome of AI applications, being ethical, fair 
and transparent in the use of AI, ensuring an appropriate level of explain 
ability of AI applications and conducting rigorous model validation. 
 
Australia's AI Action Plan envisions Australia being a global leader in 
developing and adopting trusted, secure and responsible AI. The plan is a key 
feature of the government’s Digital Economy Strategy. 

UK 
 
While there is no specific AI/ML regulation within the UK financial services 
sector there are still limitations set out in rules by the Financial Conduct 
Authority. These include making sure customers are treated fairly and not 
misled. While AI/ML may not be specifically regulated in the UK, the active 
financial institutions that use this technology for assessing creditworthiness 
must consider various existing legal obligations when developing and using 
AI to ensure data protection, prevent inequalities and ensure human rights. 
 
Additionally, the UK government has set out a National AI Strategy with 
three main goals – to invest and plan for the long-term needs of the AI 
ecosystem, to support the transition to an AI-enabled economy and to 
ensure the UK gets the national and international governance of AI 
technologies right. 
 
All of this suggests that the government wants to support the use of AI, but 
that the technology will be regulated if needed so specific regulation on AI 
may yet be coming.  

Source: Fitch Ratings 
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